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Underwater IOT perception analysis platform based on cross—domain unmanned system
ZENG Linxi, SHEN Xu, ZHANG Wei, WANG Jiajia
China Telecom Company Limited Chengdu branch, Chengdu 610000, China

Abstract: Sichuan Province has a good climate and rich water resources, and is a key area for biodiversity protection in the world.
The suitable ecological environment, water temperature, water quality and flow velocity provide favorable conditions for the develop-
ment of aquaculture industry. Our research objectives are mainly focused on two aspects: monitoring the aquaculture environment, espe-
cially the water quality, and monitoring the aquaculture objects and aquatic living resources. Based on the land and water cross—domain
unmanned system, it is equipped with multiple types of water quality sensors and cameras according to different scenarios, and trans-
mits the collected data back to the data center by various communication methods, so as to realize data analysis and generate analysis
reports, and finally present them to the production and management subjects and regulatory departments in the form of the cockpit.

Keywords: Smart fishery, Cross—land unmanned system, Sensor, Underwater communication, Data management and analysis platform
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Application of edged Al recognition in UAYV inspection
WANG Yi, YANG Bowen, TANG Shuangjiang
Sichuan Communication Research Planning&Designing Co.Ltd,Chengdu 610041,China

Abstract: With the rapid development of unmanned aerial vehicle (UAV) technology, the application of UAV in the field of in-
spection is increasingly extensive, especially in the power, construction, and other industries. UAV inspection can greatly improve in-
spection efficiency, reduce labor costs, and carry out efficient operations in complex environments. However, the traditional UAV in-
spection method relies on manual recognition, which has some problems such as low efficiency and easy error. UAV technology combined
with the application of deep learning object recognition can significantly improve the efficiency and accuracy of inspection. This paper aims
to develop a deep learning—based embedded target recognition model for UAV inspection edge, deploy it on UAV edge equipment, and de-
tect and identify targets from aerial video streams in real time, to provide an efficient and accurate solution for inspection.

Keywords: UAYV inspection, Edge embedding, Object detection
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